
Soubhik* Barari, Ph.D.
Research Scientist

SurveyMonkey (Momentive.ai)

June 6th, 2023
New York Open Statistical 

Programming Meet-Up

The A     t and Science of 
Election Analytics

*Pronounced “Sho - Bik”

soubhikbarari.com sbarari@g.harvard.edu@soubhikbarari



About me
I’m a Quantitative Social Scientist by training

○ Finished my Ph.D. a week ago!!! (😎 but also 😭)
○ My academic research uses data science tools (e.g. NLP, Bayesian 

models) to show how political media ecosystems in the U.S. work
○ Side note: political science is the original data science

I’m a Research Scientist at SurveyMonkey
○ I work on “full-stack” survey science (sampling, weighting, analysis)
○ Partnerships with Harvard Medical School, AAPI Data, J. D. Power
○ Creator of R package svmkR
○ Co-led 2022 pre-election polling with NBC News / UPenn PORES

I’m a former (brief) Microsoftie*
○ I interned at MSR in 2021 (Computational Social Science group)
○ Using data science (e.g. SQL, causal inference) to understand the 

coverage and effects of televised news on election campaigns
*is that a thing?
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Overview of Election Analytics (in brief)

Application 1: Pre-Election Polling

Application 2: Earned TV Media (a preview)

The Future



200+ years of innovation in election analytics

○ booze
○ bribes
○ elite connections
○ fun theme songs
○ intimidation
○ stump speeches

1788: The First Election
● Before parties…
● …but, was a huge party.
● 1% of population voted.
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200+ years of innovation in election analytics

○ straw polls
  

1824: The Birth of Polling
● First “poll” published by a newspaper.
● Straw polls were fun, but very biased 

and mostly benefited newspapers.

the actual newspaper in question!
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Recommended Reading:
 “Strength in Numbers: How Polls Work and Why 

We Need Them” by G. Elliott Morris (2022)



200+ years of innovation in election analytics

○ crude voter files
  

1860-80: The First Voter Files
● Voting rights for Black Americans.
● Major voter registration reforms.
● Key opportunity for political 

parties to systematically track and 
target voters.
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Recommended Reading:
“Hacking the Electorate: How Campaigns Perceive 

Voters” by Eitan Hersh (2015)



200+ years of innovation in election analytics

○ randomized control trials 
    (not particularly popular…)

1924: The First Election Field Experiment 
● Two-stage randomized voter registration 

mailer in Chicago (n = 3,000).
● Treatment group +10% more likely to 

register for upcoming election.

Harold Gosnell, 
Professor at UChicago
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Recommended Reading:
“The Victory Lab: The Secret Science of Winning 

Campaigns” by Sasha Issenberg (2012)



200+ years of innovation in election analytics

○ large-sample straw polls,
○ more scientific “probability” polls

1936: The Polling Revolution Begins
● Literary Digest’s massive straw poll (n = 

3 million) massively mis-predicts that 
FDR would lose massively in election.

● But one man saw it all coming and 
changed polling forever…

George Gallup,
Pollster (arguably the most famous)
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Recommended Reading:
 “Strength in Numbers: How Polls Work and Why 

We Need Them” by G. Elliott Morris (2022)



200+ years of innovation in election analytics
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○ media market and audience data,
○ field of survey methodology,
○ field of political behavior
○ large-scale survey panels 

1952: The Rise of Television &
               The Behavioral Revolution
● First television ad (Eisenhower).
● UMich produces the academic foundations 

of behavioral political science.
● Birth of the longest running panel on U.S. 

political attitudes (ANES).

Recommended Reading:
“The Victory Lab: The Secret Science of 

Winning Campaigns” by Sasha Issenberg 
(2012)



200+ years of innovation in election analytics
N

ew
 T

o
o

ls
:

○ crude prediction (e.g. county-level results)
○ crude simulation (e.g. Electoral College)

1960: The First TV Debate &
               The Rise of Analytics Firms
● JFK vs. Nixon
● The Simulmatics Corporation

Left: JFK and Nixon in 
the first televised 
presidential debate.

Right: “The People 
Machine” invented by 

Simulmatics Co.

Recommended Reading:
“If Then: How the Simulmatics Corporation Invented the Future” by Jill 

Lepore (2020)



200+ years of innovation in election analytics
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○ field of behavioral science
○ advances in field experimentation

Recommended Reading:
“Get Out the Vote! How to Increase Voter Turnout” by Don Green and Alan 

Gerber (2015)

2006: The Rise of “Nudges”
● One of the most famous political 

science papers ever published: 
Gerber and Green (2008)

● Social pressure works in getting 
out the vote!



200+ years of innovation in election analytics
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○ micro-targeting
○ social media mobilization

○ augmented voter files
○ machine learning

○ complex election forecasts

2008: The “Big Data” Era Begins
● Obama ‘08 campaign modernized 

how campaign analytics is done.
● FiveThirtyEight / Nate Silver 

revolutionizes public election 
forecasts.Right: FiveThirtyEight’s 

2008 (nearly perfect) 
Senate forecasts

Left: The Obama 
campaign  “Nerd 
Cave”
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○ multilevel regression and poststratification (MRP) (not really new) 
○ social media experiments
○ online polling methods

2012-16: The “Tech Elections”
● Phone poll response rates below 

10% for first time… 😱
● MSR paper shows how to accurately 

adjust highly unrepresentative polls

● FB experiment shows online social 
networks can influence elections.

● Nonresponse bias in 2016 polls 
correlates with education 💀

200+ years of innovation in election analytics
Below: poll asked on 
XBox Live during 2012 
elections (n = 750k).

Left: randomized registration message on FB 
newsfeed (n = 61 million).
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○ generative AI 
○ online / mixed polling methods

○ ? ? ?

2024:

200+ years of innovation in election analytics

Above: still from ad released by RNC created 
via generative AI.

Below: AI-generated image of 
Trump’s arrest created on 
Midjourney.

Right: AI-generated 
image of Trump 

praying – directly 
shared by Donald 

Trump.



The current election analytics landscape
The Who
● Researchers 

(academia, think thanks)

● Practitioners 
(party organizations, campaigns, consulting 
firms, governments, polling firms, tech firms, 
advocacy groups, law firms)

The How
● Data engineering

● Dashboard building

● SQL, Python, R, STATA/SPSS

● Applied regression modelling

● Statistical learning

● Causal inference

● Econometrics

The What
● Opinion polling

● Outcome forecasting

● Message testing

● Resource optimization

● Qualitative research

● Election auditing

The Why
● Improve campaign decisions 

(voter outreach, ad spend, earned media, 
messaging, fund-raising)

● Improve news coverage
● Improve advocacy
● Trust and safety



5 big lessons we’ve learned about elections
1. The incumbency advantage is still very large and explains most 

election outcomes.

2. Effects of media (e.g. ads, news coverage) are minimal.
➢ Agenda-setting: Media "may not be successful much of the time in telling people what to think, 

but it is stunningly successful in telling its readers what to think about.”

3. Votes are highly nationalized with very low levels of split-ticketing.
➢ Party affiliation is still, mostly, strongest predictor of attitudes and behavior across offices.

4. But, persuasion does work on the margins.
➢ Example: deep canvassing (Broockman and Kalla 2016).

5. In competitive elections, things like candidate quality can matter.

https://www.science.org/doi/10.1126/science.aad9713
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Overview of Election Analytics

Application 1: Pre-Election Polling

Application 2: Earned TV Media

The Future



Pre-election polling in 2022 at SurveyMonkey
Partnership with UPenn Program on 
Opinion Research and Election Studies 
(PORES) to deliver weekly midterm 
pre-election polls to NBC News.

Our “Why”s:
○ Content for election news coverage.

○ Data for decision desk analysts.

○ Public dashboards and banners.

○ Evaluate possibility of an online-only exit poll.
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A few things 
we learned from our polls



We characterized most battlegrounds correctly (hooray!)
Dem-Rep Margin in Senate Races

RESULT

SVMK/PORES

Weighted to national likely voters
Responses from 10/26-11/8

Margin of error: 4%



Dem-Rep Margin in Gubernatorial Races
RESULT

SVMK/PORES

We characterized most battlegrounds correctly (hooray!)

Weighted to national likely voters
Responses from 10/26-11/8

Margin of error: 4%



Climate change, abortion, and inflation were the 
dominant issues

Weighted to national likely voters
Responses from 10/26-11/8

Margin of error: 4%



A year of sophisticated policy preferences and 
meaningful split-ticketing … this was not.

Weighted to national likely voters
Responses from 10/26-11/8
Margin of error: 4%



Small, but meaningful split-ticketing against 
“low-quality” Rep candidates in some races (Georgia)

Weighted to likely voters in Georgia
Responses from 10/26-11/8
Margin of error: 4%

7.2% of Kemp (R) 
voters voted for 
Warnock (D)



…but split-ticketing trends in Pennsylvania were 
surprising 

Weighted to likely voters in Pennsylvania
Responses from 10/26-11/8
Margin of error: 4%

Fewer Mastriano voters 
voted for Fetterman 
than did Shapiro voters 
for Oz
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How we do 
pre-election polling



Our polling workflow at a high level

DATA PROCESSING (IN   )

COMPILE RECODE WEIGHT

SURVEY SAMPLING

ENDPAGE

POLL OUTPUTS

BANNERS PLOTS

QUESTIONNAIRE DESIGNDaily surveys fielded 
between Jan 20 2021 and 
Nov 14 2022.
○ >200 total questions

○ 1.56 million total responses

○ 2.3k average daily responses

○ 29k average weekly 
responses

DASHBOARDS
Many steps automated in our R 
package svmkR.



Tracking midterm opinions DESIGN SAMPLE PROCESS OUTPUT

Attitudinal Questions
○ Biden / Trump approval
○ Issues (covid, climate, abortion, racism, gun control, inflation, immigration, crime, elections)

○ Issue importance
○ Policy positions
○ Pulse questions (e.g. after Dobbs decision)

○ Battleground Races (e.g. AZ Gov, PA Sen, GA Sec State, FL Gov)
○ Candidate perceptions (e.g. do you think Ron DeSantis is too extreme?)
○ Candidate approval

Respondent Identity Questions
○ Standard demographics (e.g. race, education, gender, sex orientation, income)
○ “Professional” survey-taking (e.g. how many surveys did you take today?)
○ Turnout profile

○ Self-reported voter registration
○ Self-reported vote mode
○ Self-reported past turnout history
○ Vote intention



DESIGN SAMPLE PROCESS OUTPUT

Randomized research invitation on end 
page for every SurveyMonkey survey.
➢ 20% of daily end pages directed to our 

PORES/SVMK poll from Jan 22–Nov 23.

But is this (an online opt-in river sample) 
any better than a straw poll???

SurveyMonkey’s End Page
(a.k.a. the special sauce)



Error (Source % - Benchmark %)

Benchmark Endpage
(n=9,310)

Cint Gen Pop
(n=2,003)

Unemployment (CPS) 4% +7% +12%

Licensed Driver (DOT) 90% +3% -3%

SSI Recipient (SSA) 3% +8% +19%

Social Security Recipient (SSA) 21% ≈0% +10%

Medicare Recipient (CMS) 20% +15% +25%

Cigarette Smoker (NHIS) 12% -3% +12%

Marital Rate (CPS) 49% +4% -2%

Divorce Rate (CPS) 10% +5% +4%

Citizen Rate (CPS) 92% +4% +5%

Biden Approval (538) 37% ≈0% +5%

Evaluation surveys fielded on Cint and SurveyMonkey Endpage in July 2022. Totals 
shown here are unweighted.

How to evaluate a poll with population 
benchmarks



Processing workflow DESIGN SAMPLE PROCESS OUTPUT

COMPILE RECODE WEIGHT

Cleaning stack:

○ Large tidyverse pipeline to clean and prep data for weighting 

How we handle item non-response:

○ For substantive questions → listwise delete for item-specific outputs.
● Assumes MCAR, but standard (perhaps archaic) practice in polling.

○ For weighting variables → re-code as explicit NA.
● Other methods (mean, multiple imputation) are slow  or presumptive.
● Weights and outputs not hugely sensitive to choice of imputation.



How we weight our polls DESIGN SAMPLE PROCESS OUTPUT

Target populations are combinations of:

Adult target population distributions:
○ ACS marginals: Age (6 pt), Race (5 pt), Gender (3 pt), Educ (6 pt), Division
○ ACS joints:          Gender*Race,White*Educ,White*Gender*Educ,

    Region*Educ,Region*Gender*Age,Region*White*Educ
○ 2020 vote:         Candidate (2 pt), Turnout

Adult weights:
○ Single-stage raking (survey package), trimmed at 99% percentile

… So you didn’t use MRP??

COMPILE RECODE WEIGHT

Individual Geography Period

○ Adult
○ Likely Voter

○ U.S. National
○ Battleground States

○ Monthly
○ Rolling 28 Day
○ Weekly
○ Daily



DESIGN SAMPLE PROCESS OUTPUTHow we weight likely voters
WeightLV,g,t = WeightAdult,g,t x |Pr( Vote in 2022 | X ) > 0.5|

1. Fit mixed effects models of turnout on validated CES surveys

2. Select model with highest cross-validated accuracy (93%):

3. Predict Pr( Vote in 2022 | X )  for SVMK/PORES poll respondents.

4. Adjust Pr( Vote in 2022 | X ) (e.g. state registration deadlines).

5. Manually validate (“eyeball test”) of the 10 most/least likely voters.

COMPILE RECODE WEIGHT

Female + log(Age) + Educ6 + Employed2 + Income6 + Race5 + 
PartyID3 + Ideology5 + VoteIntent6 + VoteLastElection2 + 
Gender2*log(Age) + RaceWhite*log(Age) + Educ6*Age + 
Gender2*Educ + RaceWhite*Educ6 + PartyID3*Female + 
PartyID3*log(Age) + PartyID3*Educ6 + PartyID3*RaceWhite +  
(1|County:State) + (1|State)

Vote ~ 

Random effects

Fixed effects

geography period survey covariates



DESIGN SAMPLE PROCESS OUTPUT

Visualizations
○ Poll comparisons

○ Question trends

Data
Automated dumps

Dashboards (public)

Made in Tableau

Banners
○ Built with expss and openxlsx
○ Bootstrapped margins of error

Our data products
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We can automate 
(most of)

our workflow with
svmkR 

github.com/soubhikbarari/svmkR



DESIGN SAMPLE PROCESS OUTPUTQDOC: A questionnaire markup syntax



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT



DESIGN SAMPLE PROCESS OUTPUT
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Summary



Challenges for polling at SurveyMonkey and beyond
Did we (all) get lucky in 2022? 
○ Typically less non-response bias in midterms



Challenges for polling at SurveyMonkey and beyond
Did we (all) get lucky in 2022? 
○ Typically less non-response bias in midterms

What is our End Page’s sampling frame?
○ Need a better understanding, but issues with 

privacy… population

sampling 
frame

survey



Challenges for polling at SurveyMonkey and beyond
Did we (all) get lucky in 2022? 
○ Typically less non-response bias in midterms

What is our End Page’s sampling frame?
○ Need a better understanding, but issues with 

privacy…

Can we blend End Page with other 
panels/modes?
○ So far, relatively few gains ⇝ best sticking 

with one or the other
○ Opportunities to (i) dynamically blend or 

(ii) anchor to a probability sample
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Overview of Election Analytics

Application 1: Pre-Election Polling

Application 2: Earned TV Media (w/David Rothschild)

The Future



The 2016 election: an enduring puzzle

Dominant narrative that free media helped Trump win

● Lots of evidence on “The Fox News Effect”
(DellaVigna and Kaplan 2007; Hopkins and Ladd 2013; Martin and Yurukoglu 2017; D. Broockman and J. Kalla 2022)

● Yet, little on the campaign effects of broadcast news 
(>10x the nightly viewership of prime‐time Fox News)

● Compared to paid media (e.g. ads), we know much less about earned 
media (e.g. news coverage) in elections.



The structure of broadcast media markets



The structure of broadcast media markets



The structure of broadcast media markets



Trump's paid broadcast ads (e.g. Local ABC Affiliates)



Trump's earned broadcast media (e.g. Local ABC Affiliates)



Our research questions
Descriptive:

● Do Republicans have an ad advantage?

● Do candidates named Donald Trump have an advantage?

● Do incumbents have an advantage?

Causal:

● What are the returns from earned media relative to paid media?

● What are the returns from different kinds of coverage?



Data
● Comprehensive transcripts of media 

market-level broadcast news mentions:
● Tone coded using 

Lexicoder Sentiment 
Dictionary.

● Categories (e.g. 
position‐taking) 
hand‐coded and 
validated.

● Vote returns at 
county level from 
ourcampaigns.com.
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Descriptive results:
Who gets media coverage?



Trump's earned broadcast media advantage



Incumbency media advantage in Congress



GOP incumbents are in less saturated markets



Categories of media coverage by office
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Causal results:
Does media coverage matter?



Research design (simplified)
We regress county‐level Democratic vote margin on market-level 
earned media margin (following from Sides, Vavreck, and Warshaw 2022):
● To deal with: 

○ Time‐invariant county‐level confounders 
⇝ county fixed effects.

○ Time‐varying state‐/national‐level confounders 
⇝ state‐year fixed effects.

○ Unobserved time‐varying county‐level confounders 
⇝ separate estimates for counties on market borders. 

○ Cluster standard errors at different levels (market‐year, border pair‐year, states).

● Additional robustness checks for lag/lead effects.

● Control for level of ad spending in that media market.

https://www.cambridge.org/core/journals/american-political-science-review/article/effect-of-television-advertising-in-united-states-elections/29ED18D9FB4B7AA52F6404ECF15F4114


Does earned media matter? A little, but often more than ads.
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Summary



What we’ve learned so far
Large detectable advantages for Republicans and incumbents 
in earned media.
● Some of this comes from geographic advantages in district‐market overlaps.
● Competitive races have much more earned media overall.*

Small effects of earned media on vote share.
● But often bigger than ads.
● Effects are largely zero at Presidential level. 
● Returns are lower in the races with lots of earned media (competitive races).*
● Returns are higher from substantive coverage about constituent service, 

policy‐making.*

*Not covered today, but covered in forthcoming paper.
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Overview of Election Analytics

Application 1: Pre-Election Polling

Application 2: Earned TV Media

The ✨Future✨



3 emerging trends in election analytics
1. The generative AI revolution(?)

➢ Already used to generate fund-raising emails (NYT 2023)

➢ Potential for chatbots to simulate “deep canvassing” (Velez and Liu 2023; Velez 2023)

2. Expanding scope (issues and groups) of analytics
➢ Example: AAPI voters (turnout up by 20% in 2022 from 2020)

3. More analytics at the local and state levels
➢ Less down-ballot “partisan calcification” = more opportunity to shape issues.

➢ Republicans have a concerted strategy up and down the ballot … Democrats?

➢ More data about you at the local level (e.g. LocalView)

Let’s keep the conversation going!

soubhikbarari.com sbarari@g.harvard.edu@soubhikbarari

https://www.nytimes.com/2023/03/28/us/politics/artificial-intelligence-2024-campaigns.html
https://preprints.apsanet.org/engage/apsa/article-details/641af13b2bfb3dc2512d939b
https://osf.io/5sxdt/
https://localview.net/

